
  The evolving landscape of transcriptomics data
   

Cancer scientists can find available public data for their project thanks to our AI-powered tool

Abundant and diverse public data is growing steadily
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🔎
Search of a specific dataset with defined characteristics

● Breast neoplasms
● scRNA-Seq
● Olaparib drug
● BRCA1 mutation 

Seamless searches

● Acute myeloid leukemia
● Get the technology 

distribution
● Get the drug distribution

📋 Automated reporting 

Number of datasets with the most frequent cancer type  by country 

Dataset count by mutated gene 

Why is public transcriptomic data untapped?
● Lack of structure - Plain text use limits standardization.
● Inconsistent ontologies – Synonyms, abbreviations, etc.
● Heterogeneous databases – Different structures make 

comprehensive searches challenging.

How valuable is secondary analysis of public data?
● It maximizes the research impact and cost efficiency of 

studies.
● It enhances statistical power and generalizability.
● It encourages open science & collaboration.

How can public data be used in research projects?
● Define your criteria – Select cancer type, mutations, treatments, etc.
● Explore available data – Request a live demo of our tool.
● Integrate & analyze – Leverage our capabilities for seamless use.

Harmonization
● Raw data is structured and cleaned using NLP 

(Natural Language Processing) techniques to 
ensure consistency and usability.

● Key metadata such as dataset name, publication 
date, technology, and location are retrieved directly 
from public databases without additional inference.

Classification models
● Some attributes (treatment, mutations, cancer type) 

are not explicitly provided and require inference.
● To address this, we developed both rule-based and 

machine learning (ML) models in collaboration 
with cancer scientists, some of them relying on 
proprietary ontologies. 

● Our models (Table 1) classify datasets using ground 
truth labels curated by domain experts. 

Dataset count by drug

View all available datasets for a cancer type   

Queries examples

Mapped from public databases

Mapped from public databases

Dataset GSEXXXX match the query.

Overview of datasets features 

Identify datasets matching the query 

Our user-friendly tool allows to find the data matching a research question
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Ask us for a live demo!

Table 1: Performance of the machine learning models, (*) indicates the use of proprietary ontologies.

Panels show transcriptomic datasets from GEO and 
ArrayExpress, filtered by model-predicted criteria and/or 
time, each illustrating a different distribution aspect.
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